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Extract the important entities mentioned in the text below, First extract
all participants, then extract all machines, then extract all objects, then
extract all place narmes, then extract specific topics which fit the
comtent &nd finally extract general overarching themes.

Deegired forman:

Participants: <comma_separated _list=
Machines: -[|-

Objects |-

Places: -||-

Specific topics: |-

General themes: |-
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Extract the impartant sentences about causes mentioned in the text
Extract the important sentences about human damadge in the text.

2 b

(b) ChatGPT 40 DA

8  Extracted Entities:

Participants: &, £, 104

Machines: I2fL~7=

Objects: 28
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2 I3fL-F-m@:Cby, BeTELEE TRikSEA TR OHE TR SRS LRI E G,
HESRPRELEEGTASNE,

NV =2 a UHEERTZhE VD &
THFAMERAIOREN, ANTFATD
BEzER LTINS UNHFRI ThahH
720 XWRICH > Teabih) Z2 RT3 A T X
ZHHINTHNL DT, EROHEHREL, G50
172E D DIRNTERER, REEDBFERIC R > T
LExS5TEMH %, ChatGPT WA D IEHR

ZHLEL T3 & LT, #%EH4H T OpenAl
HRFZEND EWVSHhEH 79,
T, TNEEDXSTHFBEODTH
25 e —DOMRREIE. TF A RERK AL
ICHARICXEZENES NIR) £ LTS
5FDLEZDOTIFERL, HERMEENEPUL
BSOS 52T ThKE & L THEES B 5 C

NaWAVA December 2024

19



20

ETH%, TT T WebRKE DEEREY,
9%, FIHEDOEMICHD E Web MR 2175
725 AT, THFAMERALICE, BN
RERAE RO T F A b2 ULPR R & UTERE
K. LIERT %, WEHNAEDNER THNUI,
THHIROG IHIMN T E, BRERRERDOTFA D
WEDPLREEHTZT BB, TOX
T, HRRRIC K DIFENTETF A MK
DWTERZIT S AR, BERIRRA K
(Retrieval Augmented Generation) & WL
N%,

7. 7¥ X MERE(Z Al D
AR ?

HBZTFANDNTFAMERAIICKST
EENTze DN E S 2R icneE A
72T EIFBRWEA S, KREWESFEETILD
IS K O B RS 2 SCEDIER IR
WD, ANBDHET 2 ED L XRINDE
I K Eo T3, TOMEITHNT % 7-8
i, BA6NTTF AN TFA MR AL
WX TEKRENTZE DO EDZAIT %
Y—CABREL L TVEDT, ‘IO
AT %,

BV AT LT 2T ARBIDMERR
LlexzEe, TFAMERAIDER LI
HEZ2FELT, HHIT S LEENTVBEA,
ZDOFHIC DOV TS M TN TR,
YED b —VRAZAINDAR—E, X,
BRI 7 NI SCEED ISR — > I B D36 7%
EriiL T3 EDHIHEH %,

GPTZero IZ DWW\ Tid. MatHIFILEE HEH

£33 AIERTFXMOHFEITIYV—EX

ENTV2 ERAGEETHHENTED,
perplexity & burstiness ICIEH LTV & D
T & TH5, perplexity &9 SIHEMNFH UL
B LTes lE EESHH2T—EXHDO—E
THoleh FEIF. BROEKRTHDNT
W5, perplexity i&, SREET IO [HEX ]
ZRITHNET, BONLFHEET VA, FER
DXFICBIT BB U2 FRITERVES
WEERLTVAY, HMENIEERVEHET
TIVEHWEN. SREETIVTTRHIL DS,
SRR DT F A P CIENE LK S, &
T. 7F A FEEJZ ATICE D ERE NI T F
A LD E. KBS EEE TV O perplexity
. ABDBMES 72T F A MR ETIHE
ICHEART ARWMEICZR B EAINCH Do KB
SETIVICHE > TR ZEBATHER LTz T
FANEDT, SBEETNVOTHNYZ0T
B, DD, BIEEDIE, TDXII
perplexity DIED KNz 2 & XFD A
WKXBEDNTFAMERAIICKSEE DN
DODHEZDIFZHT EMNTES, RIT, bursti-
ness ICDOWTTH %, HAFHETE., TDOX
EIN=AME EREIND, —RIVICE,
REEIRGHED RN T, B 5 HREDER L T
CAHMEAEIET, TT T, WRTFA S
Ricbtc > T, ZTIKBNBREEDHES
2 — /% perplexity DZALDEEF W R T
%o NS K2 XEDH A, EFE S 2—2%
perplexity DEMNZEE) L/N— A M2+ DM
MIcH %, —J3C. TFAMEKAIICKS
YETIE, SBETIVICHE > THRANITAE K
INTVBEDT, ZTDXK D EN—A MMEMMK
nwEEN5,

RtE Y—ER%

URL

GPTZero |GPTZero

https://gptzero.me/

Copyleaks |Al Content Detector |https://copyleaks.com/ai-content-detector/

Somodin |Al O 7> \ViEHS%

https://smodin.io/ja/ai%E3%82%B3%E3%83%B3%E3%83%86%E3%
83%B3%E3%83%84%E6%A4%9C%E5%87%BA%E5%99%A8




RO XS BFHNDIHEDINT, TF A
RERL ATIC K> TIERR U 7e XCEZ2 019 %
HEMERI N, Y—EX& I TV
2500, HRELTHLVWHETHS L
25D D HVIEW, FRHIE D AIREME 2RI
T, FIAT 2BICIXEEICHBITRET
B3,

8. 5bbIC

AFETE. 7F A MERK AL O A 72
IR U DD, ZDOFIEHICED N D
DOFEEZIRE LTz, 7 F X MERK Al OFF
fEd. WAOTHIc B B E LB KT
LT 52 THAI, KBRS FEETIVT
AN TET, MM TEHZVOMNE, £RE-
OO S>TVBEREFVEHWV, ZTD7H,
SRR I 75 B TS GAR RE R 2 R R 1
EML, HETZCENEBETHA I,

SEXH

1) Alec Radford, et al.: Improving Language Understanding
by Generative Pre-Training. OpenAl, 2018.

2) Christopher D. Manning, Hinrich Schutze, 5l 8% 18 A3,
BHE—E, MHRE, HFRAR KN BERSEBLEDCE
BE. HIIHAR, 2017.

3) Ashish Vaswani, et al.: Attention Is All You Need. In
Proc. of 31st Conference on Neural Information Process-
ing Systems (NIPS 2017), 2017.

4) Colin Raffel, et al.: Exploring the limits of transfer leaming
with a unified text-to-text transformer. Journal of Machine
Learning Research, 21, Issue 1, 5485-5551, 2020.

5) MAFHEARES, FREBZ, 8REF, #K  RBHHT—2N—
ZBEDR A, HHRNIE 44 (7), 733-739, 2003.

6) Siladitya Ray.: OpenAl Sued For Defamation After
ChatGPT Generates Fake Complaint Accusing Man Of
Embezzlement. Forbes, 2023F6H88H, 2023.

20023929

1991 FERY KA R AR IFMAFHELRERIET, T
FiEt, AF. RAZIZBWHFEE. RE. RRKFRFR
RIBERMRREZIR, ZOR. 1998F2ALW11A% T Stan-
ford K% CSLIZEEBMM%EE, BREFLE. FHRRE. HBR
MG EOMREICTES,

21



